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AHoOTAIIA

Jauenko, 0. B. Buxopucmanna paoaprux OaHUX 011 GUAGNEHHA 3MIH
JicosKpumux naowy mepumopii (na npuxknadi Yepkacwvkoi oonacmi)

JlocmipKeHO BUKOPUCTAHHS METOMIB JUCTAHIIIMHOTO 30HAYBAaHHS, Ta iX
MPAKTUYHOTO 3aCTOCYBaHHS IS reoiH@opmariiiHoro kaprtorpadyBaHHS JIICIB Ta
HIINX JIICOBKPUTHUX, a TAKOX U aHami3y iX 3MiH. Bukopucrano Mmeroau o6poOku Ta
1HTEepnpeTanii pagjapHuX AaHUX JUCTAHIIMHOTO 30HAYBaHHS 3eMJIl, IO JO3BOJISIIOThH
OUTBII SIKICHO 1 IIBHAKO OTPUMYBATH HEOOXIAHY iH(OpMalliro B TOPIBHSAHHI 13
Ha3eMHUMH METOJaMH 30HIyBaHHs Ta MOHITOPHHTY.

Iliomeepooceno, 1Mo paucTaniiiiHe 30HAYyBaHHS 3emum y C-miama3oHi €
e(heKTUBHUM 3aCO00M JIJIsl BUJIUICHHS JIICIB Ta 1HIIUX JICOBKPUTHUX ILIOMNI.

3’sacoearno, eheKTUBHICTh METOTY KJIaCTepU3allii AJIs BUILUICHHS JIICIB Ta 1HIIHUX
JICOBKPHTHX ILIOII 33 pajapHUMHK JaHuMH Sentinel-1.

Buseneno 3MeHILIEHHS TEPUTOPIT JIICIB Ta IHIIKX JICOBKPUTHUX ILIoLl YepkachKoi
obmnacTi BripoaoBxk 2015-2022 pp. BrpaTu 11icOBOr0 MOKPUBY 10 3BEHUTOPOJICHKOMY,
30J10TOHICBKOMY, YMaHCbKOMY Ta YepkacbkoMy paiioHax Bopomosx 2015-2022 pp.
cknamm 4,14 %, 5,09 %, 2,84 % ta 6,62 %, B1AIOBIIHO

3po0siecHO BHCHOBOK, IO METOAM JUCTAHIIMHOTO 30HIyBaHHS 3eMyi B
MOEHAHHI 3 TeOIH(POPMALIMHUMHU TEXHOJOTIAMH € €e(EKTUBHUM 3aco00M Ui
KapTorpadyBaHHS JIICIB Ta IHIIKX JIICOBKPUTHX TIJIOI, & TAKOK BUSIBJICHHS 1X 3MiH.

Onepxkani pesyabTatd MOXyTh OyTu Bukopucrtani JII «Jlicu Ykpainu» Ta
THIIMMU TalTy3€BUMHU MIANPUEMCTBAMU Ta OpraHi3allisiMu.

KBamidikarriitna poOoTa Marictpa MiCTUTh 65 CTOPIHOK, 6 Ta0uIlh, 24 pUCYHKH,
CTIMCOK BUKOPUCTAHMX JKEpel i3 62 HaltMeHyBaHb.

KiawuoBi  cioBa: JIicH, JICOBKPHUTI  TUIOIIIL, reoindopmariiae

kaprorpadysanns, Sentinel-1, I'lC, qucTanmiiiHe 30HAyBaHHS, paJapHi JaHi.



ANNOTATION

Dyachenko, O.V. Use of radar data to detect changes in the forest areas (on
the example of Cherkasy region).

The use of remote sensing methods and their practical application for
geoinformation mapping of forests and other forested areas, as well as for analyzing
their changes, is investigated. The methods of processing and interpretation of remote
sensing radar data are used, which allow to obtain the necessary information more
qualitatively and quickly in comparison with ground-based methods of sensing and
monitoring.lt is confirmed that remote sensing in the C-band is an effective means for
the allocation of forests and other forested areas.

The effectiveness of the clustering method for identifying forests and other
forested areas using Sentinel-1 radar data was determined.

The decrease in the territory of forests and other forested areas of the Cherkasy
region during 2015-2022 was revealed. The loss of forest cover in Zvenyhorod,
Zolotonosha, Uman and Cherkasy districts during 2015-2022 amounted to 4.14 %, 5.09
%, 2.84 % and 6.62 %, respectively.

It is concluded that remote sensing methods in combination with geoinformation
technologies are an effective tool for mapping forests and other forested areas, as well
as detecting their changes.

The obtained results can be used by the State Enterprise "Forests of Ukraine"
and other sectoral enterprises and organizations.

The master's thesis consists of 65 pages, 6 tables, 24 figures, and a list of 62
references.

Key words: forests, forested areas, geographic information mapping, Sentinel-

1, GIS, remote sensing, radar data.
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